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Abstract 26 
Urban air quality in China has been declining substantially in recent years due to severe 27 
haze episodes. The reduction of sulfur dioxide (SO2) and nitrogen oxide (NOx) 28 
emissions since 2013 does not yet appear to yield substantial benefits for haze 29 
mitigation. As the reductions of those key precursors to secondary aerosol formation 30 
appears not to sufficient, other crucial factors need to be considered for the design of 31 
effective air pollution control strategies. Here we argue that ammonia (NH3) plays a - so 32 
far - underestimated role in the formation of secondary inorganic aerosols, a main 33 
component of urban fine particulate matter (PM2.5) concentrations in China. By 34 
analyzing in situ concentration data observed in major cities alongside gridded emission 35 
data obtained from remote sensing and inventories, we find that emissions of NH3 have 36 
a more robust association with the spatiotemporal variation of PM2.5 levels than 37 
emissions of SO2 and NOx. As a consequence, we argue that urban PM2.5 pollution in 38 
China in many locations is substantially affected by NH3 emissions. We highlight that 39 
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more efforts should be directed to the reduction of NH3 emissions that help mitigate 40 
PM2.5 pollution more efficiently than other PM2.5 precursors. Such efforts will yield 41 
substantial co-benefits by improving nitrogen use efficiency in farming systems. As a 42 
consequence, such integrated strategies would not only improve urban air quality, but 43 
also contribute to China’s food-security goals, prevent further biodiversity loss, reduce 44 
greenhouse gas emissions and lead to economic savings.  45 
 46 
A capsule:  47 
PM2.5 pollution in China is substantially affected by NH3 emissions and more efforts 48 
should be directed to reducing NH3 emissions to mitigate PM2.5 pollution more 49 
efficiently. 50 
 51 
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 53 
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1.Introduction 58 
China experienced extremely severe and persistent haze episodes in recent years 59 
(Huang et al., 2014). The average annual PM2.5 concentrations in 190 major cities do 60 
not meet the clean air standard for fine particulate matter recommended by the World 61 
Health Organisation (WHO, 10 μg m-3), and the population-weighted mean of PM2.5 62 
concentrations in Chinese cities was 61 μg m-3, approximately three times higher than 63 
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global population-weighted mean concentrations in 2014-2015 (Zhang and Cao, 2015). 64 
Severe haze in Northern China caused a loss of up to five life years on average, leading 65 
to a substantial detrimental effect on public health (Chen et al., 2013). To mitigate PM2.5 66 
pollution in China, the central government launched the “Clean Air Act” (CAA) and 67 
identified binding reduction targets for emissions of SO2 and NOx for each city (MEPC, 68 
2016). Nevertheless, a recent study revealed significant increases, rather than decreases, 69 
in observed PM2.5 concentrations in the years 2013 and 2014 as compared to 2012, 70 
when China’s State Council set pollution reduction targets, excluding interannual 71 
variations due to meteorological factors (Liang et al., 2015). These findings suggest that 72 
emission reductions of SO2 and NOx do not present an effective approach to mitigate the 73 
PM2.5 pollution. Thus, improving the understanding of the underlying processes for haze 74 
formation and identifying effective mitigation pathways are still unsolved challenges for 75 
China. 76 
The most recent studies analysing PM2.5 composition suggest that secondary 77 
inorganic aerosols (SIA, e.g., ammonium sulfate ((NH4)2SO4) and ammonium nitrate 78 
(NH4NO3)) play an increasingly dominant role in PM2.5 pollution in China, especially 79 
during severe haze episodes (Huang et al., 2014; Shen et al., 2014; Tao et al., 2014). 80 
Pollutants in both acid (e.g., SO2 and NOx) and alkaline (e.g., NH3) forms are crucial to 81 
the nucleation of SIA through acid-base neutralization reactions (Pan et al., 2016). 82 
These reactions increase the size and solubility of the particles, and once the bonding 83 
particles cross the threshold of diameter size (i.e., the nucleation barrier), aerosol growth 84 
becomes spontaneous (Li et al., 2016). As the most important atmospheric alkaline 85 
pollutant gas in the atmosphere, NH3 has a significant contribution to the formation of 86 
SIA, exhibiting a base-stabilization and catalytic mechanism (Kirkby et al., 2011; Li et 87 
al., 2016).  88 
China is the largest source of NH3 emissions in the world, emitting over 15 Tg 89 
NH3-N yr-1 in 2010, due to its low agricultural nitrogen use efficiency (NUE) in crop 90 
and livestock production (Liu et al., 2013; Gu et al., 2015). To understand the effects of 91 
NH3 emission on PM2.5 pollution in China, statistical analyses of measurements (Tao et 92 
al., 2014), back-trajectory receptor models (Zhang et al., 2013a), response-surface 93 
modeling techniques (Wang et al., 2011) and sensitivity simulations with atmospheric 94 
chemical transport models (Wang et al., 2014) have been widely applied. These studies 95 
usually identified a much smaller contribution of NH3 emission to the PM2.5 pollution 96 
compared to that of SO2 and NOx emissions. However, these methods generally ignore 97 
the nonlinear chemistry of aerosol formation, for instance neglecting the catalytic 98 
mechanism of NH3 (Zhang et al., 2015) and as a consequence do not fully account for 99 
the uncertainties due to large variations in the observed PM2.5 data (Erisman and Schaap, 100 
2004; Liang et al., 2015). The catalytic mechanism of NH3 may, however, be more 101 
important than the role of NH3 as a substrate contributing to PM2.5 formation (Kirkby et 102 
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al., 2011; Li et al., 2016). Thus, the contribution of NH3 emission to PM2.5 pollution in 103 
China may have been underestimated in previous studies. 104 
The aim of this study is to re-evaluate the contribution of NH3 ambient PM2.5 levels. 105 
We tested the catalytic mechanism of NH3 on PM2.5 formation through econometric 106 
analyses across China by applying a panel model and quantile regression (see “Methods” 107 
section for details). The panel model quantifies the contribution of NH3 emission to 108 
PM2.5 pollution and generates unbiased estimates of the level of this contribution by 109 
eliminating confounding variables using the group deviation method (Wilke, 2011; 110 
Zhang et al., 2016). We collated monthly panel data of in situ PM2.5 concentrations in 74 111 
major cities in China from January 18 to December 31, 2013 (Fig. 1). Monthly data of 112 
pollutant emissions (SO2, NOx and NH3) and meteorological factors (wind, rain, 113 
temperature, etc.) were also compiled for these cities. In addition, we obtained annual 114 
pollutant emissions, climatic factors and PM2.5 concentration data from multiple global 115 
databases to crosscheck the results based on local monitoring. To account for the fact 116 
that PM2.5 and its precursors can be transported from source to receptor regions over 117 
long distances, the panel model also takes wind speeds and directions into consideration. 118 
The model also includes other natural factors, such as air temperature to assess their 119 
effects.  120 
 121 
2.Methods 122 
2.1.Data sources.  123 
Monthly PM2.5 concentrations for each city were retrieved from the data center of 124 
the Ministry of Environmental Protection of China (MEPC, 2016). For the year 2013, 125 
data were available only from 18 January, when the Ministry of Environmental 126 
Protection of China began to report PM2.5 concentration data regularly for major cities 127 
across China. The meteorological parameters, including air temperature, wind speed and 128 
direction, and precipitation, in each city were obtained from the meteorological station 129 
nearest to the monitoring site, or city centre (CMDS, 2016). If more than one 130 
meteorological station shared a similar shortest distance to the city, the average value 131 
from these meteorological stations was used. 132 
Industrial sources accounted for 90 and 67% of the total SO2 and NOx emissions, 133 
respectively, in China (MEPC, 2016); thus, industrial output indicators were used to 134 
temporally distribute annual emission data over 12 months. This calculation was done 135 
applying the following equation: 136 
𝑃𝑃𝑃𝑃𝑃𝑃𝑖𝑖,𝑎𝑎,𝑚𝑚 = 𝑃𝑃𝑃𝑃𝑃𝑃𝑖𝑖,𝑎𝑎 × 𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑖𝑖,𝑚𝑚∑ 𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑖𝑖,𝑚𝑚12𝑚𝑚=1       (1) 137 
where 𝑃𝑃𝑃𝑃𝑃𝑃𝑖𝑖,𝑎𝑎,𝑚𝑚 is the daily emission of a pollutant of type 𝑎𝑎 in month 𝑚𝑚 in city 𝑖𝑖, 138 
and 𝑃𝑃𝑃𝑃𝑃𝑃𝑖𝑖,𝑎𝑎 is the annual emission of a pollutant of type 𝑎𝑎 in city 𝑖𝑖; 𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑜𝑖𝑖,𝑚𝑚 is the 139 
output value of industry in month 𝑚𝑚 in city 𝑖𝑖. 140 
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The total monthly SO2 and NOx emissions in each city were significantly linearly 141 
correlated, indicating that these two pollutants share similar emission sources, in most 142 
cases large-scale fossil fuel combustion in power plants, industry and road transport 143 
(Zhang et al., 2016). Therefore, we can only select one pollutant (SO2 or NOx) or a 144 
combined pollutant (SO2 and NOx with a constant ratio) for our panel data model to 145 
avoid multicollinearity. To reflect the molar weight capacity to neutralize NH3, we used 146 
two moles of SO2 and one mole of NOx as a combined pollutant for the analyses 147 
conducted in this study. 148 
Annual grided concentration data (2001-2008) for PM2.5 was retrieved from earth 149 
observation products provided by the National Aeronautics and Space Administration 150 
(NASA) with a resolution at 0.5×0.5° by blending total-column aerosol amount 151 
measurements from two NASA satellite instruments with information about the vertical 152 
distribution of aerosols (van Donkelaar et al., 2010; de Sherbinin et al., 2014). Matching 153 
emission data, including NH3, NOx, SO2, and NMVOC were retrieved from the 154 
Emission Database for Global Atmospheric Research (EDGAR, 2016). Finally, the 155 
meteorological parameters are compiled from an updated gridded climate dataset 156 
(referred to as CRU TS3.10) based on monthly observations at meteorological stations 157 
across the world’s land areas (Harris et al., 2013). 158 
 159 
2.2.Panel data model.  160 
Considering the multiple interactions, we designed a panel model to quantify the 161 
contributions of meteorological and anthropogenic factors to haze episodes. The panel 162 
model is set up for a comprehensive analysis of PM2.5 formation derived from pollutant 163 
emission and meteorological factors (Zhang et al., 2016). More details of this model and 164 
its application to analyse contributions of different components to PM2.5 formation can 165 
be found in Zhang et al (Zhang et al., 2016). The panel model incorporates data on both 166 
temporal and spatial scales simultaneously (12 months for 74 cities in this study, i.e. 884 167 
samples in total), an approach also known as ‘time-series cross-sectional data’. For 168 
example, the eastern region of the Yangtse Delta Region (YDR) illustrates how 169 
pollutant diffusion leads to a lesser impact on air pollution in Shanghai compared to 170 
other cities in the west. Thus, a simple application of cross-sectional data may 171 
underestimate the effect of pollutant emissions because emissions in Shanghai are 172 
actually much higher, while its air pollution is much lower than comparable other 173 
regions. Nevertheless, although the time-series data analysis in Shanghai can offset this 174 
underestimation, the data samples are substantially reduced if only Shanghai was to be 175 
included. Here, the panel model is capable of solving unobservable time-invariant 176 
regional differences and omitted variable problems. Moreover, PM2.5 accumulation over 177 
previous days also affects the attribution analysis; thus, including lagged PM2.5 pollutant 178 
concentrations as an explanatory variable is also essential. The panel model can well 179 
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capture this effect given its ability to assess both temporal and spatial variability of 180 
input data (Zhang et al., 2016). The panel model was constructed as follows in this 181 
study:  182 
𝑌𝑌𝑖𝑖𝑖𝑖 = 𝑐𝑐 + 𝑃𝑃𝑃𝑃𝑖𝑖𝑖𝑖𝛽𝛽1 + 𝑊𝑊𝑊𝑊𝑊𝑊𝑊𝑊𝑖𝑖𝑖𝑖𝛽𝛽2 + �𝐶𝐶𝑜𝑜𝐶𝐶𝑃𝑃𝑖𝑖𝑖𝑖𝑖𝑖
𝑖𝑖
𝛽𝛽𝑖𝑖 + 𝜇𝜇𝑖𝑖 + 𝜀𝜀𝑖𝑖𝑖𝑖   (2) 183 
where 𝑌𝑌𝑖𝑖𝑖𝑖 is the daily PM2.5 concentration in month t in city i; 𝑃𝑃𝑃𝑃𝑖𝑖𝑖𝑖 is the monthly 184 
pollutant (SO2, NOx and NH3) emission; 𝑊𝑊𝑊𝑊𝑊𝑊𝑊𝑊𝑖𝑖𝑖𝑖 is the monthly average wind 185 
speed; 𝐶𝐶𝑜𝑜𝐶𝐶𝑃𝑃𝑖𝑖𝑖𝑖𝑖𝑖 is a group of control variables, including air temperature, precipitation, 186 
etc., which are difficult to regulate to mitigate PM2.5 pollution, although they are 187 
contributing factors; 𝛽𝛽1,𝛽𝛽2 …𝛽𝛽𝑖𝑖 are the coefficients of the independent variables; 𝑐𝑐 is 188 
the intercept; the effect of pollutant emission on PM2.5 pollution is calculated as 189 
𝜕𝜕𝑌𝑌 𝜕𝜕𝑜𝑜𝑃𝑃⁄ = 𝛽𝛽1; 𝜇𝜇𝑖𝑖 is the unobservable individual effect in city i such as the time 190 
invariant geographical situation; and 𝜀𝜀𝑖𝑖𝑖𝑖 is random error term. Contemporaneous 191 
correlation, heteroskedasticity and serial correlation are controlled to calculate 192 
asymptotically efficient parameters with Prais-Winsten regression in the statistical 193 
software package STATA12 (http://www.stata.com/stata12/) . 194 
 195 
2.3.Quantile regression model.  196 
Quantile regression, introduced by Koenker & Bassett (Koenker and Bassett, 1978), 197 
is a method for estimating functional relationships between variables for all portions of 198 
a probability distribution. Instead of estimating a regression model with average effects 199 
using the Ordinary Least Squares linear model, the quantile regression produces 200 
different effects along the distribution (quantiles) of the dependent variable. To obtain 201 
an estimation of a quantile regression model, we minimize the following sum of 202 
absolute residuals by linear programming methods. 203 min
𝛽𝛽𝛽𝛽ℜ
�𝜌𝜌𝜏𝜏(𝑌𝑌𝑖𝑖𝑖𝑖 − 𝜉𝜉(𝑋𝑋𝑖𝑖,𝛽𝛽))    (3) 204 
where 𝑌𝑌𝑖𝑖𝑖𝑖 is the average daily PM2.5 concentration in month t in city i as above, 𝑋𝑋𝑖𝑖 is a 205 
vector of explanatory variables, 𝜌𝜌𝜏𝜏(∙) is a tilted absolute value function that yields the 206 
𝜏𝜏th sample quantile as its solution, 𝜉𝜉(𝑋𝑋𝑖𝑖,𝛽𝛽) is a parametric function with 𝛽𝛽 as a 207 
vector of parameters. Quantile regression is more robust to non-normal errors and 208 
outliers than conventional least squares regression methods, and provides a more 209 
complete characterization of the data. 210 
 211 
3.Results and Discussion 212 
3.1.The role of NH3 emission in PM2.5 pollution 213 
3.1.1.NH3 limitation in forming SIA.  214 
The negative coefficients of meteorological factors (i.e. wind speed, precipitation, 215 
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and air temperature) suggest a reduction of PM2.5 concentrations with increases of these 216 
factors. In contrast, the positive coefficients of pollutant emissions on PM2.5 217 
concentration levels suggest the opposite (Table 1). This is consistent with existing 218 
understanding of atmospheric processes, where stronger wind dilutes pollutant 219 
concentrations, rainfall washes outs pollutants through wet deposition, and higher 220 
temperatures accelerates the decomposition of PM2.5 (in particular through evaporation 221 
of ammonium nitrates), as well as eliminates the inversion layer that prevents dilution 222 
(Li et al., 2014; Tian et al., 2014). These findings indicate that the panel model is well 223 
able to capture and distinguish the effects from pollutant emissions and meteorological 224 
factors on PM2.5 concentrations. To focus on the effect of pollutant emissions on PM2.5 225 
formation, we thus set all climatic variables as control factors and focused our 226 
discussion on the effects of pollutant emissions in the following analysis.  227 
Here, we find that NH3 emissions significantly affect the monthly average (mean of 228 
daily concentration) PM2.5 concentrations across China’s major cities, while at the same 229 
time the influence of SO2 or NOx is not significant (Table 1). Increasing NH3 emission 230 
by 1 t km-2 would result in an increase of 33 μg m-3 of monthly average PM2.5 231 
concentrations, ceteris paribus (Table 1). In China, despite its large NH3 emissions, the 232 
molar amount is still smaller than that of 2SO2 + NOx emissions, both calculated from 233 
our own budget studies (Gu et al., 2014, 2015) as well as resulting from analyses of 234 
global database values (i.e. EDGAR, 2016). SO2 or NOx emissions that do not 235 
contribute to the formation of SIA, lead to more local acidification or nutrient 236 
deposition, as is evident in the widespread occurrence of acid rain across China (MEPC, 237 
2016). Our findings suggest that NH3 is the critical pollutant determining the acid-base 238 
reactions related to the nucleation of PM2.5. They further illustrate that PM2.5 pollution 239 
in China is indeed limited by the availability of atmospheric NH3. Similar findings have 240 
been reported in other regions, such as in Europe where regulation of NH3 emissions 241 
has been addressed in recent years (Erisman and Schaap, 2004; Vieno et al., 2015; 242 
Backes et al., 2016). Increases in NH3 emissions not only lead to increases in PM2.5 243 
concentrations due to its own mass (Ye et al., 2011; Huang et al., 2014), but also benefit 244 
the nucleation with SO2 and NOx emissions and facilitate the combination with other 245 
pollutants to form larger particles (Kirkby et al., 2011; Li et al., 2016).  246 
3.1.2.Seasonal influence.  247 
To compare the effects of NH3, SO2 and NOx on the PM2.5 levels, we separated the 248 
12 months into two seasons: the Major fertilization (April to October) and Occasional 249 
fertilization (November to March) seasons. NH3 emissions vary substantially between 250 
these two seasons (Huang et al., 2012), whereas SO2 and NOx emission are relatively 251 
stable during different months (MEPC, 2016). NH3 emissions in the Major fertilization 252 
season are approximately 50% higher, while SO2 and NOx are only 5% higher compared 253 
to corresponding values in the Occasional fertilization season. We ordered all PM2.5 254 
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concentrations in each season, then analyzed how the pollutant emissions contribute to 255 
the differences between the first (top 50% in the order) and second half (bottom 50% in 256 
the order) of PM2.5 concentrations. By removing the effects from meteorological factors, 257 
we found that effects of NH3 emissions on the changes of monthly average PM2.5 258 
concentrations between the first and second half were 5.5 and 1.5 times that of SO2 and 259 
NOx in the Major fertilization and Occasional fertilization seasons, respectively. In 260 
other words, NH3 emissions have a much greater impact on the PM2.5 pollution 261 
compared to SO2 and NOx in summer time and even in wintertime, when the impact of 262 
NH3 is reduced. In winter, NH3 emissions from cropland are much lower, because of no 263 
fertilization is taking place and the temperature is lower (Huang et al., 2012). Therefore, 264 
PM2.5 pollution in winter is even more NH3-limited when removing the effects from 265 
confounding factors such as temperature and wind. These findings are consistent with 266 
the results from the panel analysis discussed above and from molecular experiments 267 
reported in literature (Kirkby et al., 2011; Li et al., 2016).  268 
3.1.3.Urban areas.  269 
Owing to the limited transport distances of air pollutants, the distributions of acid- 270 
and alkaline-form pollutant emissions are also crucial to the PM2.5 formation (Hu et al., 271 
2014). Closer proximity of emission sources of different acid- and alkaline-forms 272 
pollutants facilitates the formation of secondary PM2.5 (Gu et al., 2014; Stokstad, 2014). 273 
Hot spots of NH3 emission largely overlap with those of SO2 and NOx sources in China 274 
and are mainly located in Eastern China, such as the North China Plain (NCP) and 275 
Yangtze Delta Region (YDR) (Su et al., 2011; Gu et al., 2012; Huang et al., 2012). This 276 
allows the pollutants to react more readily and form PM2.5, contributing to a worsening 277 
air quality near or within cities in those regions. In the central areas of 74 major Chinese 278 
cities, the atmosphere is relatively NH3-deficient, thus increasing NH3 emission can 279 
rapidly lead to an increase in PM2.5 concentrations (Fig. 1). Therefore, episodes of high 280 
PM2.5 levels usually occur in cities with both a NH3-deficient atmosphere and the 281 
occurrence of high NH3 emissions in the immediate vicinity (e.g. intensive agricultural 282 
areas). The 10 cities with the highest PM2.5 levels in 2013-2014 in China are all 283 
surrounded by areas with intensive agricultural production (e.g., Shijiazhuang and 284 
Zhengzhou), and no megacities without major agricultural production regions nearby 285 
are found on this list (MEPC, 2016). 286 
Despite measures implemented for SO2 and NOx emissions control, air quality in 287 
China’s major cities continues to deteriorate (Liang et al., 2015). In an NH3-deficient 288 
atmosphere, the reduction of SO2 and NOx emissions is less efficient than that of NH3 289 
emission up to the point where the concentration balance shifts in a limitation from 290 
NH3-deficient to SO2+NOx-deficient. In China and elsewhere, NH3 is predominantly 291 
emitted from agriculture (Huang et al., 2012; Gu et al., 2015). Therefore, improvement 292 
of air quality in major cities will require new policies to encourage farming practices 293 
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that reduce NH3 emission from a rapidly growing agricultural sector, especially in 294 
suburban areas and farmlands surrounding major urban areas. 295 
3.1.4.Quantile regression.  296 
To further capture the effect of NH3 emissions on haze episodes in addition to their 297 
conditional means, we introduced quantile regression for four quantiles (25, 50, 75, and 298 
90% the PM2.5 levels) and found that NH3, rather than SO2 or NOx, dominates the 299 
occurrences of PM2.5 pollution episodes. On the one hand, the coefficients of NH3 300 
emissions increase in the upper quantile for both the monthly average and maximum 301 
PM2.5 concentrations (Fig. 2), implying that NH3 emission is significantly related to the 302 
occurrence of PM2.5 pollution and its effect is nonlinear with a higher contribution under 303 
more severe PM2.5 pollution. On the other hand, the coefficients of 2SO2+NOx 304 
decreased in the upper quantiles and the 90% quantile coefficient of SO2 and NOx is no 305 
longer significant for the monthly average PM2.5 concentrations. For the monthly 306 
maximum PM2.5 concentrations, the quantile coefficients of 2SO2+NOx are either not 307 
significant or negative. Such facts further suggest that 2SO2+NOx emission is not 308 
significantly correlated to the occurrence of severe PM2.5 pollution in China, thus again 309 
supporting the fact that NH3 substantially affected PM2.5 pollution in China. 310 
 311 
3.2.Periodic cycle of haze episodes 312 
Haze episodes exhibit typical periodic cycles (Guo et al., 2014). PM2.5 can 313 
accumulate in the atmosphere and last for several days before being dispersed or 314 
deposited to the ground by dry or wet removal processes, resulting in typical haze 315 
episodes (Guo et al., 2014). The daily average PM2.5 concentrations are low (usually 316 
below 30 μg m-3) in the beginning of each cycle, but can reach more than 150 μg m-3 317 
(maximum PM2.5 level in each cycle, turning point) within a few days, after which the 318 
levels tend to decrease again. By counting the polluted days during clean-dirty-clean 319 
cycles, we found an average duration of 6-10 days in each periodic cycle of haze 320 
episodes across the 74 cities.  321 
Although NH3 emissions seem to have a dominant effect on the PM2.5 formation 322 
compared to the influence of SO2 and NOx, high concentrations of both of these 323 
pollutants can lengthen the duration of each haze episode (Table 1). PM2.5 compounds 324 
(e.g., ammonium sulfate) that combine different monomer pollutants such as SO2 and 325 
NH3 can stay longer in the atmosphere compared to the monomer pollutants. Therefore, 326 
the critical pollutants that determine acid-base reactions are key to the accumulation of 327 
PM2.5 in the atmosphere. Owing to the NH3-deficient atmosphere (relative to SO2 and 328 
NOx) in cities in China, the maximum PM2.5 level in each cycle is significantly limited 329 
by NH3 emission, but not the emission of SO2 or NOx (Table 1). Increasing NH3 330 
emission by 1 ton km-2 would result in an increase of 61 μg m-3 for the maximum PM2.5 331 




3.3.Crosschecking the role of NH3 by alternative data sources 334 
To crosscheck the role of NH3 emission on PM2.5 formation, we applied annual 335 
gridded emission data (NASA, EDGAR, CRU TS3.10) in a two-period panel model. On 336 
an annual scale, all pollutant emissions (NH3, SO2 and NOx) significantly affect PM2.5 337 
levels (Table 2). The majority of the emission intensities of SO2 and NOx are in the 338 
range of 0-1×106 mol km-2 across China, substantially larger than that for NH3 339 
emissions, which normally range from 0 to 0.3×106 mol km-2 (Fig. 3). This illustrates as 340 
well that the emission intensities of NH3 are spatially more evenly distributed than is the 341 
case for SO2 and NOx across China. A small amount of SO2 and NOx emissions can thus 342 
lead to an increase in PM2.5 levels rapidly when the emission intensity is lower than 343 
0.1×106 mol km-2 (Fig. 3a and b). However, we did not see further enhancement of 344 
PM2.5 levels when higher emission intensities of SO2 or NOx occurred, especially above 345 
0.2×106 mol km-2. On the contrary, we found a rapid increase of PM2.5 levels with the 346 
increase of NH3 emssion in the majority of grid cells analysed. This reveals that PM2.5 347 
formation is limited by the availability of NH3 emissions, especially especially when the 348 
SO2 or NOx emission intensity is high.  349 
On this spatial scale, the higher PM2.5 levels are also consistent with the regions 350 
with a molar ratio of (2SO2+NOx)/NH3 greater than one (Fig. 4, Fig. 5). About 10% of 351 
gridcells do not have sufficient SO2 and NOx to neutralize NH3 emissions mainly 352 
located in the rural regions including forests and grasslands in western China (Fig. 4). 353 
Therefore, we found a saturation level where NH3 emissions do not lead to further 354 
increases of PM2.5 levels (Fig. 3c). A few grid cells with very high NH3 emission rates 355 
(>0.1×106 mol km-2) would also not further increase the PM2.5 concentrations, due to 356 
SO2 and NOx limitation (Fig. 4). 357 
In fact, except in regions with intensive agriculture (including both croplands and 358 
livestock farming) but little industry or urbanization, NH3 is usually deficient compared 359 
to the emission of acid pollutants (SO2 and NOx), in line with findings on the role of 360 
photochemical reactions and precursor emissions in other regions worldwide. The small 361 
mass ratios (usually rank 5-15%) of NH3 in PM2.5 source apportionments suggest an 362 
NH3-deficient atmosphere at global scale (Jimenez et al., 2009; Huang et al., 2014). 363 
That means the limitation of NH3 in severe haze formation is not only found in China, 364 
but also likely a widespread phenomenon worldwide. To assess the relevance of this 365 
potential phenomenon, we estimate the correlation between annual emission data of 366 
NH3, SO2, NOx, non-methane volatile organic compounds (NMVOC) (four pollutants 367 
that are key for the formation of secondary PM2.5 pollution, Huang et al., 2014) and 368 
PM2.5 concentration data in each grid (0.5×0.5°) on terrestrial land areas worldwide. We 369 
used over 200 million data points in this analysis. Although we acknowledge that global 370 
inventories may be subject to large uncertainties, they are in most cases well constrained 371 
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and support analyses of large-scale pollution effects at a coarse resolution (Wang et al., 372 
2011; Zhang et al., 2015). Correlation analysis showed that the coefficient of NH3 373 
emission to PM2.5 concentrations is by far the greatest, at least twice that of the other 374 
three pollutants (Table 3). Although these statistical correlations do not identify causal 375 
relationships, they give a robust indication in relation to the effect of NH3 emissions on 376 
PM2.5 formation. Therefore, more focus should be directed to NH3 mitigation not only 377 
in China, but also in other world regions with excess nitrogen inputs and resulting NH3 378 
emissions. 379 
 380 
3.4.Policy implications 381 
This paper highlights the crucial role of NH3 in the formation of PM2.5 pollution in 382 
China, which suggested that the future reduction of NH3 emission should be made a 383 
priority in the Clean Air Act. Considering the substantial contribution of agricultural 384 
activities to China’s NH3 emission (Gu et al., 2015), new measures to reduce the NH3 385 
emission from cropland and livestock are essential, such as illustrated by the “4R” (right 386 
type, right amount, right time and right place) and better manure management in 387 
feedlots to treat and use it as fertilizer should be developed and applied to Chinese 388 
agriculture (Ju et al., 2009; Bai et al., 2014). Meanwhile, the non-agricultural NH3 389 
emissions from such as fossil fuel combustion is also playing an increasingly important 390 
role in PM2.5 pollution in urban area, especially where lacks agricultural activities in the 391 
surrounding areas (Chang, 2014). Although the total amount of NH3 emission from 392 
non-agricultural source is small (Huang et al., 2012), the concentrated dose of these 393 
NH3 emissions and close to the SO2 and NOx emission sources still can result in sever 394 
air pollution in urban area (Wang et al., 2015). However, there needs to be more 395 
realization among the public and policy makers that NH3 emissions present a serious 396 
environmental issue. For instance, the practices developed by the Task Force on 397 
Reactive Nitrogen to reduce NH3 emission in European Union are good example for 398 
China to adapt (Backes et al., 2016). This study shows the relevance of NH3 in the 399 
formation of secondary PM, buth also its role contributing to other effects including 400 
eutrophication, acidification, as well as a contribution to climate change and 401 
biodiversity loss (Erisman et al., 2013).  402 
In order to allow for new technologies to be introduced, some socioeconomic 403 
barriers need to be addressed (Gu et al., 2016), such as the fragmentation of Chinese 404 
croplands under the household contract responsibility system (Zhang et al., 2013b). 405 
However, increasing the scale and structure ofagricultural operations needs follow 406 
systematic, integrated approach combining several measures, including capital 407 
investment, institutional design, educating farmers, etc. Thus, it is difficult to implement 408 
a new production system based on large scale farming in a short term. Mixed farming 409 
systems including both small and large farming operations with innovative technologies 410 
designed for application at appropriate scales may be more feasible and effective in 411 
China in the near future. Meanwhile, a healthier diet with less animal protein intake 412 
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would also reduce NH3 emissions (Ma et al., 2013). By implementing policies to 413 
support new technologies and regulations, NH3 emissions could be reduced by 414 
approximately 50% (Gu et al., 2015), significantly mitigating PM2.5 pollution and at the 415 
same time benefiting food security and environmental protection objectives in China.  416 
 417 
4.Conclusions 418 
In this study, we found that emissions of NH3 have a stronger association with the 419 
spatiotemporal variation of PM2.5 levels than emissions of SO2 and NOx. The results 420 
derived from in situ monitoring data observed in major cities agreed well with the 421 
results of gridded emission data. PM2.5 concentrations were much more strongly 422 
affected by NH3 emssions durig severe haze episodes. Our findings suggest that NH3 423 
emissions, instead of the SO2 and NOx emissions from fossil fuel combustion as 424 
previously believed, are the key limiting factor for secondary inorganic PM2.5 formation 425 
in urban regions of China. Therefore, we highlight the importance of reducing NH3 426 
emissions through improved nitrogen management from agricultural activities in 427 
mitigating PM2.5 pollution in urban areas. 428 
 429 
Acknowledgments 430 
We would like to thank M. Shi for helpful comments on an earlier draft, S. Fu and 431 
Greenpeace for the PM2.5 data support. This study was supported by the Natural Science 432 
Foundation of Zhejiang Province (No. LR15G030001, LQ14G030011) and the National 433 
Natural Science Foundation of China (Grant No. 41201502). The work contributes to 434 
the UK-China Virtual Joint Centre on Nitrogen “N-Circle” funded by the Newton Fund 435 
via UK BBSRC/NERC (BB/N013484/1). 436 
 437 
References: 438 
Backes, A.M., Aulinger, A., Bieser, J., Matthias, V., Quante, M., 2016. Ammonia 439 
emissions in Europe, part II: How ammonia emission abatement strategies affect 440 
secondary aerosols. Atmospheric Environment 126, 153-161. 441 
Bai, Z.H., Ma, L., Qin, W., Chen, Q., Oenema, O., Zhang, F.S., 2014. Changes in Pig 442 
Production in China and Their Effects on Nitrogen and Phosphorus Use and Losses. 443 
Environmental Science & Technology 48, 12742-12749. 444 
Chang, Y.H., 2014. Non-agricultural ammonia emissions in urban China. Atmospheric 445 
Chemistry and Physics Discussions 14, 8495-8531. 446 
Chen, Y., Ebenstein, A., Greenstone, M., Li, H., 2013. Evidence on the impact of 447 
sustained exposure to air pollution on life expectancy from China's Huai River 448 
policy. Proceedings of the National Academy of Sciences 110, 12936-12941. 449 
CMDS (China Meteorological Data Sharing Service System), 2016. Surface 450 
Meteorological Data. http://www.escience.gov.cn/metdata/page/index.html 451 
de Sherbinin, A., Levy, M.A., Zell, E., Weber, S., Jaiteh, M., 2014. Using satellite data 452 
13 
 
to develop environmental indicators. Environmental Research Letters 9, 84013. 453 
EDGAR (Emission Database for Global Atmospheric Research), 2016. Emission data. 454 
http://edgar.jrc.ec.europa.eu/ 455 
Erisman, J.W., Galloway, J.N., Seitzinger, S., Bleeker, A., Dise, N.B., Petrescu, A.M.R., 456 
2013. Consequences of human modification of the global nitrogen cycle. 457 
Philosophical transactions of the Royal Society of London. Series B, Biological 458 
sciences 368, 20130116. 459 
Erisman, J.W., Schaap, M., 2004. The need for ammonia abatement with respect to 460 
secondary PM reductions in Europe. Environmental Pollution 129, 159-163. 461 
Gu, B., Fan, L., Ying, Z., Xu, Q., Luo, W., Ge, Y., Scott, S., Chang, J., 2016. 462 
Socioeconomic constraints on the technological choices in rural sewage treatment. 463 
Environmental Science and Pollution Research, doi: 10.1007/s11356-016-7267-z. 464 
Gu, B., Ge, Y., Ren, Y., Xu, B., Luo, W., Jiang, H., Gu, B., Chang, J., 2012. 465 
Atmospheric reactive nitrogen in China: Sources, recent trends, and damage costs. 466 
Environmental Science & Technology 46, 9420-9427. 467 
Gu, B., Ju, X., Chang, J., Ge, Y., Vitousek, P.M., 2015. Integrated reactive nitrogen 468 
budgets and future trends in China. Proceedings of the National Academy of 469 
Sciences 112, 8792-8797. 470 
Gu, B., Sutton, M.A., Chang, J., Chang, S.X., Ge, Y., 2014. Agricultural ammonia 471 
emissions contribute to China's urban air pollution. Frontiers in Ecology and the 472 
Environment 12, 265-266. 473 
Guo, S., Hu, M., Zamora, M.L., Peng, J., Shang, D., Zheng, J., Du, Z., Wu, Z., Shao, M., 474 
Zeng, L., Molina, M.J., Zhang, R., 2014. Elucidating severe urban haze formation 475 
in China. Proceedings of the National Academy of Sciences 111, 17373-17378. 476 
Harris, I., Jones, P.D., Osborn, T.J., Lister, D.H., 2013. Updated high-resolution grids of 477 
monthly climatic observations - the CRU TS3.10 Dataset. International Journal of 478 
Climatology 34, 623-642. 479 
Hu, J., Wang, Y., Ying, Q., Zhang, H., 2014. Spatial and temporal variability of PM2.5 480 
and PM10 over the North China Plain and the Yangtze River Delta, China. 481 
Atmospheric Environment 95, 598-609. 482 
Huang, R., Zhang, Y., Bozzetti, C., Ho, K., Cao, J., Han, Y., Daellenbach, K.R., Slowik, 483 
J.G., Platt, S.M., Canonaco, F., Zotter, P., Wolf, R., Pieber, S.M., Bruns, E.A., 484 
Crippa, M., Ciarelli, G., Piazzalunga, A., Schwikowski, M., Abbaszade, G., 485 
Schnelle-Kreis, J., Zimmermann, R., An, Z., Szidat, S., Baltensperger, U., Haddad, 486 
I.E., Prévôt, A.S.H., 2014. High secondary aerosol contribution to particulate 487 
pollution during haze events in China. Nature 7521, 218-222. 488 
Huang, X., Song, Y., Li, M., Li, J., Huo, Q., Cai, X., Zhu, T., Hu, M., Zhang, H., 2012. 489 
A high-resolution ammonia emission inventory in China. Global Biogeochemical 490 
Cycles 26, GB1030. 491 
Jimenez, J.L., Ng, N.L., Aiken, A.C., Docherty, K.S., Ulbrich, I.M., Grieshop, A.P.ô.R., 492 
Duplissy, J., Smith, J.D., Wilson, K.R., Lanz, V.A., Canagaratna, M.R., Hueglin, C., 493 
Sun, Y.L., Tian, J., Laaksonen, A., Raatikainen, T., Rautiainen, J., Vaattovaara, P., 494 
Ehn, M., Kulmala, M., Tomlinson, J.M., Donahue, N.M., Collins, D.R., Cubison, 495 
14 
 
M.J., Dunlea, E.J., Huffman, J.A., Onasch, T.B., Alfarra, M.R., Williams, P.I., 496 
Bower, K., Kondo, Y., Schneider, J., Prevot, A.S.H., Drewnick, F., Borrmann, S., 497 
Weimer, S., Demerjian, K., Salcedo, D., Cottrell, L., Griffin, R., Takami, A., 498 
Miyoshi, T., Hatakeyama, S., Zhang, Q., Shimono, A., Sun, J.Y., Zhang, Y.M., 499 
Dzepina, K., Kimmel, J.R., Sueper, D., Jayne, J.T., Herndon, S.C., Trimborn, A.M., 500 
Williams, L.R., Kroll, J.H., Wood, E.C., Middlebrook, A.M., Kolb, C.E., 501 
Baltensperger, U., Worsnop, D.R., DeCarlo, P.F., Allan, J.D., Coe, H., 2009. 502 
Evolution of organic aerosols in the atmosphere. Science 326, 1525-1529. 503 
Ju, X.T., Xing, G.X., Chen, X.P., Zhang, S.L., Zhang, L.J., Liu, X.J., Cui, Z.L., Yin, B., 504 
Christie, P., Zhu, Z.L., Zhang, F.S., 2009. Reducing environmental risk by 505 
improving N management in intensive Chinese agricultural systems. Proc Natl 506 
Acad Sci U S A 106, 3041-3046. 507 
Kirkby, J., Curtius, J., Almeida, J., Dunne, E., Duplissy, J., Ehrhart, S., Franchin, A., 508 
Gagné, S., Ickes, L., Kürten, A., 2011. Role of sulphuric acid, ammonia and 509 
galactic cosmic rays in atmospheric aerosol nucleation. Nature 476, 429-433. 510 
Koenker, R., Bassett, G., 1978. Regression Quantiles. Econometrica 46, 33-50. 511 
Li, L., Kumar, M., Zhu, C., Zhong, J., Francisco, J.S., Zeng, X.C., 2016. 512 
Near-Barrierless Ammonium Bisulfate Formation via a Loop-Structure Promoted 513 
Proton-Transfer Mechanism on the Surface of Water. Journal of the American 514 
Chemical Society 138, 1816-1819. 515 
Li, L., Qian, J., Ou, C.Q., Zhou, Y.X., Guo, C., Guo, Y., 2014. Spatial and temporal 516 
analysis of Air Pollution Index and its timescale-dependent  relationship with 517 
meteorological factors in Guangzhou, China, 2001-2011. Environmental Pollution 518 
190, 75-81. 519 
Liang, X., Zou, T., Guo, B., Li, S., Zhang, H., Zhang, S., Huang, H., Chen, S.X., 2015. 520 
Assessing Beijing's PM2.5 pollution: severity, weather impact, APEC and winter 521 
heating. Proceedings of the Royal Society A: Mathematical, Physical and 522 
Engineering Science 471, 20150257. 523 
Liu, X., Zhang, Y., Han, W., Tang, A., Shen, J., Cui, Z., Vitousek, P., Erisman, J.W., 524 
Goulding, K., Christie, P., Fangmeier, A., Zhang, F., 2013. Enhanced nitrogen 525 
deposition over China. Nature 494, 459-462. 526 
Ma, L., Wang, F., Zhang, W., Ma, W., Velthof, G., Qin, W., Oenema, O., Zhang, F., 527 
2013. Environmental Assessment of Management Options for Nutrient Flows in the 528 
Food Chain in China. Environmental Science & Technology 47, 7260-7268. 529 
MEPC (Ministry of Environmental Protection of China), 2016. Data Center. 530 
http://datacenter.mep.gov.cn 531 
Pan, Y., Tian, S., Liu, D., Fang, Y., Zhu, X., Zhang, Q., Zheng, B., Michalski, G., Wang, 532 
Y., 2016. Fossil Fuel Combustion-Related Emissions Dominate Atmospheric 533 
Ammonia Sources during Severe Haze Episodes: Evidence from 15N-Stable Isotope 534 
in Size-Resolved Aerosol Ammonium. Environmental Science & Technology, doi: 535 
10.1021/acs.est.6b00634. 536 
Shen, G., Xue, M., Yuan, S., Zhang, J., Zhao, Q., Li, B., Wu, H., Ding, A., 2014. 537 
Chemical compositions and reconstructed light extinction coefficients of particulate 538 
15 
 
matter in a mega-city in the western Yangtze River Delta, China. Atmospheric 539 
Environment 83, 14-20. 540 
Stokstad, E., 2014. Ammonia pollution from farming may exact hefty health costs. 541 
Science 343, 238. 542 
Su, S., Li, B., Cui, S., Tao, S., 2011. Sulfur Dioxide Emissions from Combustion in 543 
China: From 1990 to 2007. Environmental Science & Technology 45, 8403-8410. 544 
Tao, J., Gao, J., Zhang, L., Zhang, R., Che, H., Zhang, Z., Lin, Z., Jing, J., Cao, J., Hsu, 545 
S.C., 2014. PM2.5 pollution in a megacity of southwest China: source 546 
apportionment and implication. Atmospheric Chemistry and Physics 14, 547 
8679-8699. 548 
Tian, G., Qiao, Z., Xu, X., 2014. Characteristics of particulate matter (PM10) and its 549 
relationship with meteorological factors during 2001-2012 in Beijing. 550 
Environmental Pollution 192, 266-274. 551 
van Donkelaar, A., Martin, R.V., Brauer, M., Kahn, R., Levy, R., Verduzco, C., 552 
Villeneuve, P.J., 2010. Global Estimates of Ambient Fine Particulate Matter 553 
Concentrations from Satellite-Based Aerosol Optical Depth: Development and 554 
Application. Environmental Health Perspectives 118, 847-855. 555 
Vieno, M., Heal, M.R., Williams, M.L., Carnell, E.J., Stedman, J.R., Reis, S., 2015. 556 
Sensitivities of UK PM2.5 concentrations to emissions reductions. Atmospheric 557 
Chemistry and Physics Discussions 15, 20881-20910. 558 
Wang, L.T., Wei, Z., Yang, J., Zhang, Y., Zhang, F.F., Su, J., Meng, C.C., Zhang, Q., 559 
2014. The 2013 severe haze over southern Hebei, China: model evaluation, source 560 
apportionment, and policy implications. Atmospheric Chemistry and Physics 14, 561 
3151-3173. 562 
Wang, S., Nan, J., Shi, C., Fu, Q., Gao, S., Wang, D., Cui, H., Saiz-Lopez, A., Zhou, B., 563 
2015. Atmospheric ammonia and its impacts on regional air quality over the 564 
megacity of Shanghai, China. Scientific Reports 5, 15842. 565 
Wang, S., Xing, J., Jang, C., Zhu, Y., Fu, J.S., Hao, J., 2011. Impact Assessment of 566 
Ammonia Emissions on Inorganic Aerosols in East China Using Response Surface 567 
Modeling Technique. Environmental Science & Technology 45, 9293-9300. 568 
Wilke, R.A., 2011. Econometric Analysis of Cross Section and Panel Data, 2nd edition. 569 
Econometrics Journal 14, B5-B9. 570 
Ye, X., Ma, Z., Zhang, J., Du, H., Chen, J., Chen, H., Yang, X., Gao, W., Geng, F., 571 
2011. Important role of ammonia on haze formation in Shanghai. Environmental 572 
Research Letters 6, 24019. 573 
Zhang, F., Chen, X., Vitousek, P., 2013b. Chinese agriculture: An experiment for the 574 
world. Nature 497, 33-35. 575 
Zhang, L., Liu, L., Zhao, Y., Gong, S., Zhang, X., Henze, D.K., Capps, S.L., Fu, T., 576 
Zhang, Q., Wang, Y., 2015. Source attribution of particulate matter pollution over 577 
North China with the adjoint method. Environmental Research Letters 10, 84011. 578 
Zhang, R., 2010. Getting to the Critical Nucleus of Aerosol Formation. Science 328, 579 
1366-1367. 580 
Zhang, R., Jing, J., Tao, J., Hsu, S.C., Wang, G., Cao, J., Lee, C.S.L., Zhu, L., Chen, Z., 581 
16 
 
Zhao, Y., Shen, Z., 2013a. Chemical characterization and source apportionment of 582 
PM2.5 in Beijing: seasonal perspective. Atmospheric Chemistry and Physics 13, 583 
7053-7074. 584 
Zhang, X., Wu, Y., Gu, B., 2016. Characterization of haze episodes and factors 585 
contributing to their formation using a panel model. Chemosphere 149, 320-327. 586 
Zhang, Y., Cao, F., 2015. Fine particulate matter (PM2.5) in China at a city level. 587 
Scientific Reports 5, 14884. 588 
 589 
  590 
17 
 
Table 1. Estimated coefficients in a panel model with monthly data 591 




Duration of a haze 
episode (day) 
2SO2+NOx 
(106 mol km-2) 
388.1 700.1 73.72*** 
(265.8) (622.1) (27.62) 
NH3 
(106 mol km-2) 
560.9*** 1036.4*** 110.8*** 
(147.3) (387.8) (14.96) 
Precipitation 
(mm) 
-1.501*** -2.621*** -0.108** 
(0.204) (0.732) (0.0465) 
Wind speed 
(m s-1) 
-25.00*** -41.24*** -0.952*** 
(2.736) (6.320) (0.227) 
MMT (°C) -2.531*** -3.115*** -0.0189 
(0.130) (0.482) (0.0118) 
N 884 547 547 
within R2 0.645 0.384 0.094 
F stat 142.56 33.48 14.40 
Hausman test 13.69 29.39 63.34 
Note that the coefficient represents how much the PM2.5 concentrations or duration of a 592 
haze episode change when increasing one unit of influencing factors in the panel model. 593 
Data in brackets represent the standard errors. Average PM2.5 refers to the mean of 594 
PM2.5 concentration in a month in each city. Maximum PM2.5 refers to the mean of the 595 
maximum PM2.5 concentration in each periodic cycle of haze episode. Periodic cycles of 596 
haze episode refers to the times of haze episode occurred in a month. SO2 & NOx refers 597 
to the emission intensity of SO2 and NOx in a city. MMT refers to mean monthly 598 
temperature. Fixed effect panel model is applied in this analysis owing to the large 599 
value of Chi2 in Huasman test. Standard errors in parentheses. * p < 0.10, ** p < 0.05, 600 
*** p < 0.01. 601 
 602 
  603 
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Table 2 Estimated coefficients in a two-period panel model with annual data 604 
 
Coefficient Standard error t P>t 
NH3 (106 mol km-2) 77.439 4.781 16.200 0.000 
SO2 (106 mol km-2) 2.310 0.663 3.480 0.001 
NOx (106 mol km-2) 1.949 0.988 1.970 0.049 
Wind speed (m s-1) 3.300 0.253 13.030 0.000 
Precipitation (mm) -0.004 0.000 -8.130 0.000 
MAT (°C) -0.057 0.079 -0.730 0.468 
N 7492    
Within R2 0.2109    
F stat 117.83    
Hausman test 868.30    
Note, mean value of first and last three years of data available are selected as two 605 
periods, i.e., mean value of pollutant emissions and climatic factors on PM2.5 from 2001 606 
to 2003 and 2006 to 2008 for the whole China are used. MAT refers to mean annual 607 
temperature. Fixed effect panel model is applied in this analysis owing to the large 608 
value of Chi2 in Huasman test. Standard errors in parentheses. * p < 0.10, ** p < 0.05, 609 
*** p < 0.01. 610 
 611 
  612 
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Table 3 Coefficients of correlation among PM2.5, SO2, NOx, NMVOC and NH3 on the 613 
global scale with 0.5×0.5° grid data 614 
 PM2.5 SO2 NOx NMVOC NH3 
PM2.5 1     SO2 0.4342 1    NOx 0.4497 0.6499 1   NMVOC 0.4607 0.6416 0.9796 1  NH3 0.6475 0.4990 0.5679 0.5699 1 
 615 
 616 
  617 
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Figure legend 618 
 619 
Figure 1 Locations of these 74 cities and their average and maximum PM2.5 level in 620 
2013. The background color refers to the NH3 emission intensity on the provincial scale.  621 
 622 
Figure 2 Coefficients of quantile regressions of emissions of NH3 and SO2&NOx to the 623 
PM2.5 level under different quantile. (a) Average monthly PM2.5 concentration; (b) 624 
Average of the maximum PM2.5 concentration in each period cycle. 625 
 626 
Figure 3 Correlations of pollutant emissions and PM2.5 level by using grid data in 2008 627 
across China. (a) SO2; (b) NOx; (c) NH3; (d) 2SO2+NOx 628 
 629 
Figure 4 Molar ratios of emissions of SO2 and NOx to NH3 in 2008. The tope one refers 630 
to the molar ratio of acid pollutants to NH3, and > 1 of the ratio represents NH3 631 
limitation to the PM2.5 pollution. The bottom one refers to the molar ratio of SO2 to NH3, 632 
and > 1 of the ratio represents the pollution reach ammonium nitrate equilibrium. One 633 
mole of SO2 can react with two moles of NH3, thus 2SO2 is used to indicate the 634 
limitation of PM2.5 pollution related to different forms of pollutant emission. 635 
 636 
Figure 5 Changes of PM2.5 pollution and pollutant emissions from 2001 to 2008. The 637 
left and middle four figures used the average data from 2001 to 2003, and 2006 to 2008, 638 
respectively, and the right four figures were the difference between the left and middle 639 
four figures.  640 
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